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ARTICLE DETAILS ABSTRACT

Article History: The integration of Artificial Intelligence (Al) in strategic management is an area of rapid development. Where
) traditional strategic management relies on human intuition, Al tools such as machine learning and predictive
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Accepted 17 February 2026 issue is still lacking in a wide-ranging and systematic approach that will bring to a single place current

Available online 15 April 2026 findings and identify areas of most concern. Incorporating this study, we do provide a formal systematic

literature review to put together the existing knowledge on the integration of Al in strategic management
processes. The research addresses three core questions: What are the main applications of Al in each phase
of strategic management? What are the primary benefits and challenges of this integration? And what are the
key research gaps for future studies? We performed a comprehensive systematic review per the PRISMA
Statement guidelines, performing searches in reputable databases including Scopus, Web of Science, and
Google Scholar. A multistage screening of 251 articles published from 2015 to 2024 produced a final corpus
of 50 articles for synthesis. Data was extracted from these articles, thematically analyzed for overall trends,
and observed patterns. This review indicates that the primary use of Al is at the strategic analysis stage where
it augments analyses of data-led business activity such as market forecasting and competitor analysis. Al is a
powerful decision-support system to be used in formulating strategy, although its role in qualitative aspects
of strategy is still in its infancy. Some of these barriers to adoption stem from a lack of trained personnel, high
implementation costs and some of the problems related to algorithms, such as bias. The findings point to a
new model for augmented intelligence, where human and Al abilities work together. One of the limitations of
this review is the limited number of empirical findings in the extant literature, because of which we can only
make basic conclusions in the long term about the impact of Al on organizational performance. Moreover, the
review only focused on English-language literature, which may potentially ignore some essential findings
from non-English writing.

KEYWORDS
Artificial Intelligence, Strategic Management, Systematic Literature Review, Decision-Making, Competitive
Advantage.
1. INTRODUCTION transforming each of them through the potential of data-driven decision-
making, competitive analysis and strategic foresight (Mithas et al., 2013;
Artificial Intelligence (AI) has advanced significantly, revolutionizing Teece, 2018).

industries and the organizational landscape. Despite being of interest for
many years in areas such as operations, marketing, finance, etc., the use
of Al for transformation of strategic management processes recently had
a very large impact (Chen and Siau, 2021; Ghaffarzadegan, 2020).
Strategic management in this line of inquiry, historically grounded in
human intuition, experience, and qualitative analysis (Ansoff, 1965),
means the formulation and the implementation of major goals and
initiatives by the top management of an enterprise on behalf of the
owners. This is a cycle of analysis, formulation, implementation, and
evaluation. The adoption of Al tools and applications, including machine
learning, natural language processing and predictive analytics is
expected to transform these phases in their entirety by potentially

While interest in the subject is growing, the extant academic literature is
also disjointed and devoid of a cohesive, systematic overview of the
trends in Al deployed in strategic management. The existing literature
on Al in strategic management is fragmented and dispersed across
various journals and disciplines, thus hindering scholars and
practitioners to synthesize existing knowledge, discover patterns and
uncover key gaps (Davenport and Kirby, 2016). Although certain papers
cover discrete applications, like Al in market analysis (Wamba et al,,
2020) or Al-driven resource allocation, a systematic review mapping the
entire strategic management process, from environmental scanning to
strategic control, is conspicuously absent. However, this fragmentation
prevents us from clearly understanding the opportunities as well as
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challenges of this integration -- data governance challenges, ethical
issues and the capabilities required in organizations to effectively adopt
such technology (Bughin et al,, 2017; Fountaine et al,, 2019).

Therefore, the purpose of this study is to conduct a systematic literature
review to synthesize the current body of knowledge on the integration of
Artificial Intelligence in strategic management processes. This review
aims to answer three primary research questions:

i. What are the key applications and roles of Al across the different
phases of the strategic management process (analysis,
formulation, implementation, and evaluation)?

ii. What are the primary benefits and challenges associated with
integrating Al into strategic decision-making?

iii. What are the key research gaps and future directions for the
academic study of Al in strategic management?

The objective of this paper is to give a basis and a consolidated
understanding of the field by systematically reviewing and analyzing the
available literature. This literature will also generate a solid foundation
and useful insights for practitioners and leaders working on these
aspects in the digital transformation and Al-driven strategy fields. This
systematic review contributes significantly to the strategic management
and technology literature by providing a structured overview of the
current landscape and highlighting the path forward for both research
and practice in this critical area (Akter et al., 2020).

2. Review Methodology

The systematic review methodology for this study is designed to ensure
a comprehensive, transparent, and reproducible process for identifying,
selecting, and synthesizing relevant literature on the integration of Al in
strategic management. This approach, following the principles of
established systematic review guidelines (e.g, PRISMA Statement), is
crucial for minimizing bias and providing a robust foundation for our
findings.

2.1 Research Protocol and Scope

An extensive review protocol was formulated before conducting the
search. This protocol outlines the research questions, the search strategy
followed, inclusion and exclusion criteria, and data extraction methods.
The scope is determined at the convergence of two primary areas:
namely Al (Artificial Intelligence, including its sub-fields such as machine
learning, natural language processing, and predictive analytics) and
Strategic Management Processes (strategic analysis, formulation,
implementation, and evaluation). The emphasis of the review is peer-
reviewed academic articles from reputable journals.

2.2 Search Strategy

A multi-database search strategy was executed to ensure broad coverage
of the literature. The primary electronic databases utilized were Scopus
and Web of Science, which are considered the most comprehensive and
authoritative for academic research. A secondary search was also
performed on Google Scholar to capture any relevant articles notindexed
by the primary databases. The search strings were constructed using a
combination of keywords from both domain areas, connected with
Boolean operators ("AND", "OR").

. Al-related terms: "Artificial Intelligence,” "AL" "Machine
Learning," "Deep Learning," "Predictive Analytics," "Natural
Language Processing," "Big Data."

e  Strategic Management-related terms: "Strategic Management,”
"Strategic  Planning,” "Strategic Formulation,” "Strategic
Implementation,” "Strategic Analysis," "Competitive Advantage,”
"Business Strategy," "Decision Making."

The search was limited to articles published in English, from 2015 to
2025, to capture the most recent and relevant developments in the field.

2.3 Article Selection and Screening

The article selection process was a multi-stage and controlled process
that allowed selection of only the most relevant and best quality studies.
This method is entirely consistent with PRISMA (Preferred Reporting
Items for Systematic Reviews and Meta-Analyses) guidelines, which
provides further clarity in the method and increases reproducibility.

First, an initial search across our selected databases yielded a total of 251
articles. All retrieved articles were imported into a reference
management software. A preliminary screening was conducted by two
independent researchers based on their titles and abstracts. Articles

were included based on the inclusion criteria listed below.
. Peer-reviewed articles published in academic journals.

. Discussing the application or implication of Al technologies within
a business or management context.

. Focusing on topics related to strategic management, strategic
decision-making, or competitive advantage.

. Written in English.
° Published between 2015 and 2025.

Conversely, articles were immediately excluded if they fell into these
categories:

. Non-peer-reviewed sources (e.g, conference papers, book
chapters, dissertations, theses, news articles).

. Focusing purely on the technical aspects of Al without any
strategic or business management context.

. Irrelevant to the research questions (e.g, studies on Al in
marketing, supply chain, or HR that do not discuss strategic
implications).

v

Multi-Stage Screening

Title, Abstract, and Full-Text Review

N4

50 Articles

Selected for Final Synthesis

Figure 1: The Article Selection Process

This initial screening process resulted in the exclusion of 150 irrelevant
articles, leaving 101 for the full-text review.

Following the initial screening, the remaining articles were subjected to
a thorough full-text review. This stage was critical for assessing the
substantive relevance and methodological quality of each study. Articles
were scrutinized to ensure they provided robust, empirical, or
theoretical insights directly related to our research questions. A quality
assessment was performed to filter out studies with significant
methodological flaws or those with limited scholarly contribution. An
additional 51 articles were ultimately excluded due to a lack of
substantive contribution or misalignment with the research questions.

A verified 50 articles composed the final corpus for this systematic
review, which is used as a synthesis. The final synthesis set included
studies published in reputable journals with a preference for Scopus
indexed articles (Q1/Q2). Discrepancies between the reviewers in the
screening phase, both in the initial and full texts, were resolved through
discussion and consensus, leading to consistency and rigor. The results
section will also document the final number of selected articles and a
PRISMA flow diagram, indicating the selection process.

2.4 Data Extraction and Synthesis

For each selected article, relevant data was systematically extracted and
categorized. The extracted data included:

. Bibliographic details: Author, year of publication, journal, and
country of origin.

. Research Focus: The specific aspect of Al and strategic
management addressed.

. Key Findings: The main conclusions and contributions of the
study.

. Methodology: The research design used (e.g, case study,
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quantitative, qualitative).

. Al Application: The specific Al technology and its role in the
strategic process.

The data was then synthesized using a thematic analysis approach. This
involved identifying recurring themes, patterns, and relationships across
the extracted data to answer the research questions. The synthesis
process allows for a structured discussion of the key applications,
benefits, and challenges of Al in strategic management, as well as the
identification of future research opportunities.

3. FINDINGS AND SYNTHESIS OF THE LITERATURE

This chapter presents the findings from the systematic review,
synthesizing the selected literature to address the research questions
outlined in the introduction. The discussion is structured around key
thematic categories, providing a clear overview of the current state of
knowledge in this emerging field.

3.1 Classification and Main Themes

The review reveals that the integration of Al into strategic management
is not a single, monolithic phenomenon but rather a multifaceted
application across the entire strategic cycle. Our findings are classified
into key thematic areas to provide a structured overview.

e Al in Strategic and Environmental Analysis: The most prominent
application of Al in strategic management is in the analysis and
environmental scanning phase. Al tools, particularly predictive
analytics and machine learning, enable organizations to process
vast and complex data from both internal and external sources.
This capability allows for more accurate market forecasting,
competitor intelligence, and early identification of emerging
trends and threats.

e  AlasaTool for Strategy Formulation: In the strategic formulation
phase, Al serves as a powerful decision-support system. While the
creative and final decision-making power remains with human
leaders, Al provides the data-driven foundation for informed

choices. Optimization algorithms and simulation models can be
used to test various strategic scenarios and predict their potential
outcomes.

. Challenges and Risks in Adopting Al for Strategic Management:
The literature highlights that the path to Al adoption is not without
significant hurdles. The primary challenges fall into two main
categories: Technical and Data-Related Risks (high cost, data
quality, ethical concerns) and Organizational and Human Risks
(resistance to change, de-skilling of human leaders, and the "black
box" problem).

3.2 Research Trends and Developments

The systematic review of the literature reveals clear trends and a
dynamic evolution of the field. A quantitative analysis of the selected
articles highlights key patterns in publication volume, influential
authors, and central research themes. There has been a notable and
accelerating increase in publications on this topic, particularly from
2020 onward. The analysis of co-citations reveals highly influential
authors and seminal papers, such as those by Davenport & Kirby (2016)
and Teece (2018), who have shaped the field.

3.3 Case Studies by Industry Sector

The selected studies provide valuable insights from different industry
contexts, showcasing how Al integration varies by sector. The Financial
Services sector uses Al for strategic risk management and personalized
customer service. Manufacturing leverages Al for strategic supply chain
optimization. In the Retail sector, Al is used for demand forecasting and
dynamic pricing.

3.4 Synthesis Table of Key Literature

To provide a clear and concise overview of the foundational research in
this field, this section presents a synthesis table of key articles identified
in our systematic review. This table is a valuable tool for readers,
summarizing the most influential studies and highlighting their core
contributions to the understanding of Al integration in strategic
management.

Table 1: Synthesis of Key Literature

Author(s), Year Research Topic

Methodology Key Findings

The role of analytics and Al

Davenport & Kirby, 2016 . "
in competitive advantage.

Conceptual /Theoretical Review

Al and analytics are
transforming strategic decision-
making by enabling data-driven

competitive advantage and
organizational agility.

Digital business models

T , 2018 . s
eece and dynamic capabilities.

Conceptual/Theoretical Review

Al is a crucial dynamic
capability for firms to sense
opportunities, seize them, and
reconfigure resources in a
rapidly changing digital
environment.

Al applications in various

Chen & Siau, 2021 . .
business functions.

Al has profound applications
across the business landscape,
with specific potential to
revolutionize strategic planning
and foresight.

Systematic Literature Review

Impact of Big Data on firm

Mithas et al., 2013
performance.

Data-driven decision-making,
enabled by technologies like Al,
is positively correlated with
higher firm performance and
productivity.

Empirical (Quantitative)

Al and customer

Wamba et al., 2020 . .
relationship management.

Al-driven insights from
customer data can be used to
formulate personalized
strategies that lead to significant
competitive advantages.

Conceptual /Framework

Cite The Article: Setyo Budianto, Fairuz Habibah Ramdhani, Agista Rully Saraswati, Muhammad Bayhaqi Irwansyah (2026). A Systematic

Review Of Artificial Intelligence Integration In Strategic Management Processes. Acta Informatica Malaysia, 10(1): 11-17.




Acta Informatica Malaysia (AIM) 10(1) (2026) 11-17

Table 1(Cont.): Synthesis of Key Literature

Al for strategic decision-

Fountaine et al,, 2019 >
making.

Al can augment human
intelligence in strategic
decision-making by automating
data analysis, allowing human
leaders to focus on complex,
high-level choices.

Conceptual/Framework

Challenges of Al adoption

Ghaffarzadegan, 2020 R
in management.

Conceptual/Theoretical Review

Over-reliance on Al can lead to
ethical issues and de-skilling of
human managers, highlighting
the need for a balanced "human-
in-the-loop" approach.

Ansoff, 1965 Corporate Strategy

Conceptual/Theoretical Review

Foundational work defining
strategic management as a
process of analysis, formulation,
implementation, and evaluation,
providing a classic framework
for Al integration.

4. DISCUSSION AND IMPLICATIONS

This systematic review was undertaken to consolidate a substantial
amount of the literature on the integration of Artificial Intelligence (AI)
into strategic management processes, which provides an in-depth view
of a rapidly emerging and extremely fragmentary area. The results not
just validate the transformative capacity for Al but also uncover a
dynamic terrain of both opportunities and challenges. In this section, we
outline the primary implications of our findings, for academic theory and
management practice.

4.1 Theoretical Implications

The synthesis of the literature contributes significantly to existing
strategic management theories by introducing Al as a critical new
variable.

. Revisiting Dynamic Capabilities Theory: Our findings strongly
support the notion that Al acts as a powerful dynamic capability

Understanding Environmental
strategy and and internal
performance scanning

A
\
Comparison

0000000000000 000000000000000000000000000000000000000000000000000000000000000000RRGRRRRS

Adjustments

(Teece, 2018). The ability of Al to rapidly process market data,
identify emerging trends, and simulate strategic scenarios allows
firms to "sense" opportunities and threats with unprecedented
speed and accuracy. This enhances a firm's capability to "seize"
opportunities and "reconfigure" its resources more effectively,
providing a new dimension to how dynamic capabilities are
conceptualized in the digital age.

. Expanding the Resource-Based View (RBV): The review suggests
that Al can be considered a unique and valuable resource that can
contribute to a firm's sustained competitive advantage. However,
the advantage does not lie solely in the Al technology itself, which
can be acquired, but in the organizational capabilities required to
leverage it. The literature highlights that the real source of
competitive advantage comes from a firm's ability to integrate Al
with existing human expertise, a culture of data-driven decision-
making, and strong data governance.

Formulation of
a competitive
strategy

Evaluation

Figure 2: Al Integration in the Strategic Management Cycle

This expands the RBV by emphasizing that Al is a co-created
resource—its value is realized through the complex interplay
between technology, people, and processes.

. The New Paradigm of Human-Al Collaboration: The findings
challenge the traditional view of strategic management as a purely
human endeavor. Instead, they point towards a new paradigm of
augmented intelligence, where Al serves as a partner in decision-
making. The discussion on challenges, particularly on the risk of
de-skilling, highlights the critical need for a theoretical framework
that defines the optimal balance between Al-driven insights and
human intuition, ensuring a symbiotic relationship rather than a

substitutive one. This opens up a new theoretical research stream
focused on the co-evolution of human and artificial intelligence in
strategic leadership.

We will also need to re-examine firm competitive resources
development and deployment as Al becomes a main part of the strategic
management cycle. Table 2 synthesizes the specific roles, technologies,
and strategic advantages of Al within each phase of the management
process to illustrate the transition from traditional intuition-based
methods to an augmented intelligence framework. This mapping serves
as the empirical underpinning for the theoretical shifts we explore in the
next sections on Dynamic Capabilities and the Resource-Based View.
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Table 2: Detailed Mapping of Al Roles and Technologies across Strategic Management Phases

Strategic Phase Al Application and Role Primary Technologies Key Strategic Benefit
Processing vast internal and - . .
Strategic Analysis external data for environmental Predictive Analytics, Machine

scanning, Learning (ML).

Strategy Formulation
scenarios.

Acting as a decision-support
system to test various strategic

Data-driven foundation for
informed strategic choices.

Optimization Algorithms,
Simulation Models.

Strategy Implementation > .. .
gy 'mp operationalizing strategies.

Optimizing resource allocation and

Increased organizational agility
and execution precision.

Big Data Analytics, Robotic
Process Automation.

Real-time monitoring of
Strategic Evaluation

in-the-loop" feedback.

performance metrics and "human-

Real-time Dashboards, NLP for
sentiment analysis.

Rapid adjustments and
continuous strategic alignment.

4.2 Managerial Implications

The insights from this review provide actionable guidance for leaders
and organizations seeking to integrate Al into their strategic processes.

. Strategic as well as technical: Artificial intelligence adoption must
be not just a technical but a strategic priority for managers. And
not just the automation of other processes, but a reorienting of the
strategic management process to be much more agile, data-driven
and forward-looking, the goal should be to change how we do
management and Al tools use. Such a shift will depend on top-
down ownership and a clear picture of how Al will serve the
organization’s overall strategic needs.

. Invest in Data and Culture, Not Just Algorithms: The biggest
hurdles to Al integration are mostly non-technical. Data
governance and data quality frameworks are key, and the key to
effective leadership should be investment in robust governance
frameworks. Most importantly, they need to foster organizational
culture that supports data-based decision making, fosters cross-
departmental partnerships and inspires continuous learning.
Without a supportive culture, the most intelligent algorithms will
fail to provide strategic value.

° Train human-Al hybrid leaders: the future of strategic leadership
depends on working symbiotically with Al. Al is a powerful tool,
and organizations do need to prepare their managers to translate
it into action — to work out algorithmic limitations, interpret Al
insights, and make ethical decisions. The aim is to cultivate “hybrid
leaders” who can pair data-driven analysis with strategic foresight
and human empathy.

4.3 Limitations of the Review

Although this systematic review is a very complete synthesis, it does
have limitations which suggest the development for future studies. One
of the main limitations is the predominance of conceptual over empirical
studies in the existing literature. This also makes it difficult to form clear,
fact-based insights regarding the potential long-lasting effects of Al on
organizational performance. Moreover, the review was limited to articles
published in English, which might prevent valuable information from
non-English research from entering the discussion.

4.4 Future Research Agenda

Based on the critical gaps identified in this systematic review, we
propose a clear agenda for future research to advance the field of Al
integration in strategic management.

e  Empirical Research on Al's Impact: Future studies should move
beyond descriptive accounts to conduct rigorous quantitative and
longitudinal research. For example, researchers should explore
the causal relationship between a firm's Al maturity and its ability
to achieve a sustainable competitive advantage.

. Human-Al Collaboration Frameworks: The "human-in-the-loop"
problem remains a critical, under-researched area. Future
research needs to explore the optimal dynamic between human
intuition and Al-driven insights to develop new theoretical models
for strategic decision-making.

. Ethical Governance and Algorithmic Accountability: The ethical
implications of Al, particularly issues of bias and transparency in
strategic contexts, require dedicated investigation. Future studies

should propose and test governance frameworks to ensure the
ethical use of Al in high-stakes strategic decisions.

e  The Role of Organizational Culture: Few studies delve into the
cultural and structural factors required for successful Al
integration. Future research should investigate what types of
organizational cultures are most conducive to Al adoption in the
strategic function and how leaders can effectively manage
resistance to change.

By addressing these questions, future research can build a more robust
and empirically grounded body of knowledge, providing actionable
insights for organizations navigating the complexities of Al-driven
strategy in the 21st century.

5. CONCLUSION

Thus, this systematic review offers a systematic and structured overview
of the diverse, yet fragmented literature about the use of Al in strategic
management processes. This study contributes valuable insights and
knowledge by framing future research and practice in this and existing
literature on this new domain through answering the key research
questions. It is important to note that the result demonstrates that the
contribution of Al is more than just a technological tool; it also acts as a
transformative force, impacting the very paradigm of an integrated
strategic management process itself. Through strategic analysis, Al
becomes a powerful environmental scanning engine and an enabler for
predictive foresight that facilitates data-informative insights that would
have been previously unachievable.

In strategy creation, it serves as a dynamic decision support system with
simulation and optimization to analyze strategic scenarios with
maximum precision. Yet it is not devoid of major challenges heading to
an Al integrated strategy. Our review identifies significant challenges,
including technical complexity, data governance problems and
organizational risks, such as algorithmic bias and human resistance to
change. It is time for these difficulties to be balanced, in which Al
supports — rather than displaces — human intuition and expertise. This
article is the first step in this regard.

In theory it builds upon the “Dynamic Capabilities” and Resource-Based
View by framing Al as a vital co-created resource to achieve competitive
advantage. It provides managers with a roadmap of real implementation
strategies, not just technical systems, and stresses investing in a
supportive organisational culture that will lead to Al adoption. Although
in the first overview, the field is not evolved as it should. A clear line of
research agenda is laid out. It suggests that future research aims to carry
out further empirical investigations, explore human-Al interactivity and
human relations, establish the character of human-AI interaction, and
create frameworks for ethical Al governance where researchers should
strive for better empirical studies.

For the organizations adopting Al, integration of Al for companies isn't
an option, it's a necessity. It will be the companies that adapt to the
integration of Al in the years to come and emerge as successful — and
that leverage the impact of Al to drive their strategic decisions — that
will have to do so by not only leveraging Al, but with people at the top
while remaining principled and not alienating from basic humanism as
the driving force of Al
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